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[ Abstract] The core of natural language query technology for relational database is to parse natural language into SQL query
statements (NL2SQL). Currently, most NL2SQL methods only encode natural language utterance with table schema, which makes
it difficult to fully understand the semantic information of the utterance and may lead to prediction errors due to ambiguity. This
paper proposes an NL2SQL model KESQL (NL2SQL with Knowledge Enhancement) based on knowledge enhancement. Firstly,
the entity link technology is used to link the entities in questions to external knowledge graph. By introducing the knowledge of
named entities in questions in external knowledge graph, NL2SQL model can enhance the understanding ability of the utterance and
then improve the parsing effect. In this paper, DBpedia is selected as the external knowledge graph. We propose two knowledge
enhancement schemes based on symbolization and vectorization for all kinds of knowledge in the graph. We systematically
demonstrate the effects of introducing different knowledge and the advantages and disadvantages of different fusion methods.
Experiments fully verify the effectiveness of knowledge enhancement for NL2SQL tasks.
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Table t1

Player No. Position  School/Club Team
(E)fjlt}:'\:;ﬂ 13 Center Bradley
JETNtme 6 Forward-Center Fan Claire High School

Dan O'Sullivan 45 Center Fordham

Question

How many number does Fordham school have?

SELECT
COUNT(No.)
FROM
tl
WHERE
School/Club Team=Fordham
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Tab. 2 Logical form accuracy ( %) on WikiSQL test set of various

methods
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KESQL+GE+EG - - - 85.3
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Tab. 3 Execution accuracy ( %) on WikiSQL test set of various

methods
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KESQL+TE+EG ~ 91.2 91.2 91.1 91.2
KESQL+GE+EG - - - 91.2
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