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Unsupervised bilingual lexicon induction based on word substitution
GUO lJinpeng, CAO Hailong
( School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

[ Abstract] Bilingual lexicon induction is an important task in natural language processing. This paper retrains the word vector
based on the substitution method, so that the word embedding gets cross—language characteristics. This paper mainly studies the
acquisition of training dictionary and the co—training model of word vector, and carries out experiments on the corpus of Chinese and
English Wikipedia. The experimental results show that using the selected training dictionary according to the method of confidence,
the word vector obtained by the method of substitution has a good cross—language property, and the dictionary extracted finally has

a high accuracy.
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Fig. 1 Unsupervised bilingual lexicon induction based on feedback
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