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[ Abstract] In this paper, a large amount of preprocessing work is carried out, and the text data processed by the following two
different vectorization methods as the word bag model and Word2Vec are input into the SVM and LSTM models, respectively to
train a model that can recognize the emotional tendency of the text. Further the newly generated comments are classified. According
to the tilt of the actual data volume, based on support vector machine (SVM) that is the traditional machine learning algorithm , this
paper proposes a two—layer support vector machine, using two different methods to train the model and predict. Thus, the deep
learning algorithm long—term memory model (LSTM) is used to train and predict again, and the three methods are compared and
summarized. The results show that the accuracy of the two—layer SVM is 8 percentage points higher than that of the single-layer
SVM; while the LSTM is two percentage points lower than the single—layer SVM, which is nearly 10 percentage points lower than
the double-layer SVM.
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Fig. 1 Support Vector Machine
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Fig. 2 Schematic diagram of double—layer tree SVM
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Tab. 1 Comparison of experimental results %
Tk HIRTES PER IR FiE
SVM 81.30 80.53 81.98
Tree-SVM 89.78 90.20 89.90
LSTM 79.46 80.20 78.63
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