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Application of expression recognition technology in railway ticket window

YU Cunjiang, YANG Longbiao, DING Xiaoying, YAN Chengwei, ZHOU Guobao
(Electronic Information Engineering College, Changchun University, Changchun 130022, China)

[ Abstract] Aiming at the problem of railway window ticketing service quality, this paper proposes an expression recognition
monitoring system for ticket window service quality. When the system detects the face image through the camera outside the ticket
window, the expression monitoring system will obtain the frame image information within the monitoring range through the camera
installed in the ticket window at regular intervals. The image is processed and recognized, and the results of the recognition are
statistically analyzed. The application of the monitoring system based on facial expression recognition technology in the railway ticket
window could not only improve the service quality of the conductor, but also allow passengers to experience comfort during the
ticket purchase process.
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Fig. 1 System framework design
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Fig. 2 Flow chart of facial expression recognition
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Fig. 3 Detecting face images
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Fig. 4 Test data diagram
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Fig. 5 Recognition results
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