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Intelligent garbage sorting and recycling robot based on YOLOV4

WANG Weijie, YAO Jiantao, ZHANG Minyan, WANG Min
(School of Computer Science, Sichuan Technology and Business University, Chengdu 611745, China)

[ Abstract] Based on the Yolov4 target detection algorithm, this study combines garbage classification robot and artificial
intelligence to give the robot a vision system that enables it to distinguish the types of garbage and put them into the corresponding
garbage can. We have also improved its traditional charging system. The automatic charging system of the traditional sweeping robot
is based on the infrared sensor, and we have replaced the infrared sensor with the computer vision system, so that our robot can
actively find the charging socket, and at the same time make our robot more intelligent.
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Fig. 1 Hardware structure diagram
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