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A Review of Handwritten Text Line Extraction Based on Deep Learning Methods
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[ Abstract] Text line extraction, as a crucial step in image analysis and recognition of handwritten documents, has always been a
hot research topic in this field. With the development of deep learning, more and more methods have emerged. Through the analysis
and sorting of relevant documents in recent years, this article is based on deep learning based on full convolutional neural networks,
codecs, recurrent neural networks, and generative adversarial networks. Summarize and analyze the handwritten text line extraction
methods, list representative examples of each method, and introduce commonly used training data sets. Finally, the four types of
methods listed are summarized, the characteristics and shortcomings of each method are analyzed, and the future research directions

are prospected, and three suggestions are put forward.
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