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Fall detection method based on multi—feature fusion

LIANG Yuanteng, LI Handong
(College of electrical engineering, Guizhou University, Guiyang 550025, China)

[ Abstract] In order to timely and accurately detect whether the elderly living alone indoors fell, an automatic fall detection system
was designed. First use the background subtraction method to segment the moving target, use the Gaussian mixture model algorithm
to update the background, and then use the human body aspect ratio, the effective area ratio of the human body, the distance from
the center of the body to the bottom, the center change rate, and the height change rate ,and set thresholds respectively, compare the
relationship between each characteristic parameter and the threshold to determine whether there is a fall event. This method can more
accurately determine whether the sports target is a true fall or a fake fall. The experimental results show that the method is easy to

implement, contains many characteristics of human motion state, and effectively reduces the rate of misjudgment.
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Fig. 1 Flow chart of fall detection algorithm
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Fig. 3 Historical curve of each fall characteristic parameter ( ‘F%EE' 37 ﬁ)



