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Movie recommendation based on K-means and improved cuckoo search algorithm
YANG Jin, YANG Meng, CHEN Bugian

(College of Science, University of Shanghai for Science and Technology, Shanghai 200093, China)

Abstract: In order to solve the problem of low recommendation accuracy and user satisfaction due to the high quantification and
sparseness of the original data information when the movie recommendation system is screened according to user preferences and
movie attributes in big data, this paper combines K-means clustering and improved cuckoo search algorithm on the dataset to
improve the movie recommendation system. Firstly, the dataset after data filtering is clustered using K—means algorithm, and then
the cuckoo search algorithm that replaces random selection with tournament selection is used to move some items to better clusters to
optimize clustering results. Finally, Top — N recommendation is achieved by predicting scores on the constructed movie
recommendation system. In this paper, experiments are conducted on Movielens dataset, and the average absolute error, root-—
mean—square error, accuracy rate, recall rate and F — Score are taken as evaluation indicators. Compared with the existing
algorithms, the effectiveness of the proposed method is verified.
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Fig. 1 Flowchart of improved cuckoo search process
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