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A review of visual object tracking by natural language specification
MA Ding, WU Xiangqgian

(School of Computer Science and Technology, Harbin Institute of Technology, Harbin 150001, China)

Abstract. Visual object tracking by natural language specification is an emerging research hotspot, which aims to use natural
language specification to locate the position of the target in video frames. Unlike visual object tracking methods that require manual
annotation of rectangular boxes, visual object tracking method based on natural language query guides the tracker through advanced
semantic information, aiming to eliminate ambiguous manual annotation of rectangular boxes and combine local search with global
search. Therefore, tracking by natural language specification can bring more flexible, robust and accurate tracking performance in
practical scenarios. In summary, this article reviews visual object tracking by natural language specification, outlines the key
technologies of related principles and model improvements, and summarizes the advantages and disadvantages of different network
structures.
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Fig. 1 Examples of advantages of natural language specification in tracking tasks
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Fig. 3 Framework of CapsuleTNL
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Fig. 4 Framework of DecoupleTNL
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