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Channel estimation for IRS—-assisted millimeter wave large—scale MIMO
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(School of Communications and Information Engineering, Nanjing University of Posts and
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Abstract; To address the channel estimation problem in IRS — assisted millimeter — wave massive MIMO systems, this paper
proposes a novel channel estimation scheme based on the Structured Orthogonal Matching Pursuit (OMP) algorithm. The existing
structured OMP algorithm leverages the sparsity of the channel to enhance channel estimation performance and reduce pilot overhead,
but it requires prior knowledge of the channel sparsity. The proposed adaptive threshold algorithm based on K—means does not rely
on prior information about channel sparsity, and effectively solves the problem of noise interference in channel estimation.

Simulation experiments verify that the proposed structured OMP algorithm outperforms in channel estimation performance under low

signal-to—noise ratio and low pilot overhead conditions.
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Fig. 3 Performance comparison between K—-means adaptive threshold

algorithm and mean adaptive threshold algorithm
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algorithms under different SNRs (M =128)
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